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Why use a visualization tool ?

Can'’t fix what you can’t see «
Training -> metrics «

Experiment -> comparaison «



Can’t fix what you can’t see




Training : metrics

Specific to learning:
 train/val loss/acc
 prototyping
 profiling & debugging




Experiment : comparaison

Not only training specific :
* hyperparameters

« dataset & source code

* hardware tracking

» multi-user / collaboration




a refined selection of tools

12 TensorBoard «
¥ MLFlow «

W&B <«

Neptune «
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Runs (80)

 Name

@ MIDRIS race_312938

@ MIDRIS_race_299989

@ Unknown_race_312712

@ FailForFunv2_race_310911

@ lisn3_race_309482

@ tris_race 298434

® Maxx_race_299069

@ LLSNL race 298480

@ lucrezia_race_279652
LLSN2_race_298552
gus_race_298613

@ creat_race_300300
blob_race_298492
diego_race_299705

@ diego_race_283262
legend_race_298491

® FailForFun_race_300265

® tris_race_280461

@ sonia_race_280403
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import wandb
import random

wandb.login()

epochs = 10

1r = 0.01

run = wandb.init(

project="my-awesome-project

config={
"learning_rate": 1r,
"epochs": epochs,

offset = random.random() / 5
printiE™ir: §ir}"™)

for epoch in range(2, epochs):
acc = 1 - 2**-epoch - random.random() / epoch - offset
loss = 2**-epoch + random.random() / epoch + offset
print(f"epoch={epoch}, accuracy={acc}, loss={loss}")
wandb.log({"accuracy": acc, "loss": loss})
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import neptune

# Create a Neptune run object

Tun = neptune.init_run{
project="your-workspace-name/your-project-name®, @
api_token ourNeptunehpiToken", ©
name="lotus-alligator~, @
tags=["quickstart", "script"], # optional

# Log a single value
# Specify a field name ("seed")
Tunf[®"seed"] = 8.42

inside the run and assign a value to it
# Log a series of values
from random import random

18
random(} [/ &

epochs =
offset =

for epoch in range(epochs):
acc = 1 - 2x+-epoch - random{)
loss = 2#%-epoch + randem{} /

(epoch + 1) - offset
{epoch + 1) + offset

run[®accuracy"] .append{acc)
run[*"loss"].append(loss)

# Upload an image
Tun{"single_image"].upload{"Lenna_test_image.png®)

# Download the MNIST dataset
import mnist

train_images =
train_labels =

mnist.train_images()
mnist.train_labels()

# Upload a series of images
from neptune.types import File

for i in range(18):
run[~image_series"].append{
File.as_image(
train_images[i] / 255
1, # You can upload arrays as images using the File.as_image()
name=£"{train_labels[i]}

stop the connection and synchronize the data with the Neptune servers
Tun.stop()
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